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ABSTRACT  

Soil moisture plays an important role in recent and numerous environmental studies by 

controlling the exchange of water and energy at the consolidate between the land surface and 

atmosphere. Soil moisture information can be utilized for crop yield forecasting, drought 

management, irrigation scheduling, and reservoir management. Microwave remote sensing has 

emerged as an important tool for soil moisture estimation due to its high sensitivity to dielectric 

properties of the target. Passive sensors such as radiometers provide high temporal resolution and 

larger ground coverage at the cost of coarse spatial resolution, whereas, active sensors such as a 

SAR provides fine spatial resolution with smaller ground coverage and coarser temporal 

resolution. Microwave remote sensing is used for monitoring earth resources due to its unique 

sensitivity to the physical properties and the dielectric of the target that is to be sensed. This 

paper aims at reviewing the different approaches of microwave remote sensing for soil moisture 

estimation. 

Keywords: Soil moisture, Microwave remote sensing, SAR, Active sensors, passive sensors, etc.  

INTRODUCTION 

Soil moisture is a key variable in controlling 

the exchange of heat energy and water 

between the atmosphere and land surface 

through plant transpiration and evaporation. 

Soil moisture information can be utilized for 

crop yield forecasting, drought management, 

irrigation scheduling, and reservoir 

management (Meraj et al., 2021 a, b).  It 

allows the need for irrigation to be 

quantified in advance of a crop showing 

signs of distress. Knowing the soil 

moisture status enables highly efficient 

irrigation, providing the water as and when 

required, and eliminating the wasteful use of 

water when irrigation is not needed. 

Soil moisture levels affect air content, 
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salinity, and the presence of toxic substances 

(Pandey et al., 2010; Pandey et al., 2013; 

Singh and Pandey, 2014; Bhatt et al., 2017; 

Sharma and Kanga 2020). It regulates soil 

structure, ductility, and density. Soil 

moisture is an important parameter for 

radiation models, as it affects the amount of 

energy used in latent versus sensible heat 

flux (Rind 1984; Singh et al., 2017b; Kanga 

et al. 2020a, b). The measurements of soil 

moisture are not only important for forest 

growth, agriculture yield but also used for 

monitoring flood and drought conditions. 

The soil moisture content has influence on 

the infiltration rate, due to which, it is also 

an important factor in hazard mitigation, as 

soil moisture content controls the speed at 

which a contaminant will seep into the 

ground. Soil moisture is one of the important 

parameters for monitoring various 

agricultural applications like crop growth 

and the development of a drought or a flood 

in an area (Ross 1999; Kanga et al., 2017a, 

b; Rather et al., 2018; Hassanin et al., 2020; 

Kanga et al., 2021). Soil moisture works as a 

land surface parameter that has an important 

control over several hydrological and 

atmospheric processes (Ranga et al., 2020 a, 

b; Meraj et al., 2020 a, b; Kanga et al., 

2020a, b). The exchange of latent heat and 

sensible heat is controlled due to the changes 

of evapotranspiration (ET) processes and 

latent heat between land surface and 

atmosphere interface (Gujree et al., 2017; 

Pall et al., 2019; Romshoo et al., 2020). Soil 

moisture is an essential parameter at 

different spatial scales for many 

applications; for example, flood 

forecasting.( P.K.Srivastava 2016; Bera et 

al., 2021; Tomar et al., 2021; Joy et al., 

2021; Chandel et al., 2021; Kanga et al., 

2021). 

Microwave remote sensing has widely 

demonstrated its potential in the continuous 

monitoring of our rapidly changing planet. 

This review provides an overview of state-

of-the-art methodologies for multi-temporal 

synthetic aperture radar change detection 

and its applications to biosphere and 

hydrosphere monitoring, with special focus 

on topics like forestry, water resources 

management in semi-arid environments and 

floods (Farooq and Muslim, 2014; Nathawat 

et al., 2010; Kumar et al., 2018; Joy et al 

2019).The objective of this review is to 

highlight the importance of SAR 

observations in the environmental 

monitoring activities through a discussion 

on the latest research exploiting multi-

temporal concepts for adding value to data 
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in some selected applications. SAR data can 

enable several applications, especially in 

near-real time, or give fundamental 

contribution through data assimilation in 

geophysical/hydrological/weather models 

and/or integration with multisource 

information. (Donato Amitrano 2021). 

Soil moisture observations contribute in 

improvement of forecasting of air humidity, 

precipitation and air temperature. Though 

till date, the record of soil moisture 

observations was available over a confined 

number of regional soil moisture networks. 

On the record of availability of a free 

available universal soil moisture datasets is 

procured from the back scatter 

measurements that is obtained by the 

Advanced Scatterometer (ASCAT) which is 

a C-band microwave remote sensing 

instrument available in the Meteorological 

Operational (METOP) satellite series.( 

Wolfgang Wagner 2013). 

An algorithm for retrieving soil moisture 

content (SMC) from synergic use of both 

active and passive microwave acquisitions is 

presented. The algorithm takes advantage of 

the integration of microwave data from 

SMAP, Sentinel-1 and AMSR2 for 

overcoming the SMAP radar failure and 

obtaining a SMC product at enhanced 

resolution (0.1° × 0.1°) and improved 

accuracy with respect to the original SMAP 

radiometric SMC product. A disaggregation 

technique based on the Smoothing filter 

based intensity modulation (SFIM) allows 

combining the radiometric and SAR data 

(Santia et al 2018). 

Soil moisture is determined using two 

methods: 

i) Direct methods –In direct method the 

soil moisture is calculated relating to 

he difference between the weight of 

soil sample before and after drying. 

ii) Indirect method- soil moisture 

determined by sensor. 

Microwave approach for soil moisture 

estimation: 

The role of soil moisture is important along 

with other components in crop yield 

forecasting models (Dubois, et. al., 1995). 

Surface soil moisture information is a 

critical parameter required for daily profile 

soil moisture estimation using many Soil 

Vegetation Atmosphere Transfer (SVAT) 

models. Soil moisture estimation can be 

done using point measurement (gravimetric 

method) and from hydrological models. 
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SAR return signal is affected by sensor 

parameters like wavelength, polarization and 

the incidence angle at which the sensor is 

being operated and target dielectric and 

geometrical properties in general.Some 

useful thumb rule for using SAR data for 

soil moisture estimation: 

 Higher or brighter the backscatter of 

the image, rougher the surface being 

imaged. 

 Flat surfaces that reflect little or no 

microwave energy back towards the 

radar will always appear dark in 

radar images. 

 Vegetation is usually moderately 

rough on scale of most radar 

wavelengths and appears as grey or 

light grey in radar images. 

 Surfaces inclined towards radar will 

have a stronger backscatter than 

surface, which slope away from 

radar, will tend to appear brighter. 

 Backscatter is sensitive to target 

electrical property including water 

content, watery object will appear 

bright and dried object will appear 

dark. 

 Backscatter varies depending upon 

the use of different polarisation. 

 Backscatter is affected by different 

observation angles , low incidence 

angles result in high scatter, 

backscatter decreases with increasing 

incidence angle. 

The responsiveness of microwave 

scattering to geometrical structure of the 

soil surface and the dielectric properties 

has made radar remote sensing an 

attractive technique to address a wide 

range of environmental problems related 

to the natural surface condition. Two 

parameters of particular interest that 

have been the subject of intensive 

studies for many decades are surface soil 

moisture and surface roughness. A major 

cause of quantitative estimation of soil 

moisture and surface roughness from 

SAR is the separation of their individual 

scattering effects that contribute to the 

backscattered signal.( Brian W. Barrett 

et al 2009). 

ASCAT is one of the major satellite EO 

missions utilized today for global soil 

moisture estimation. This study 

evaluated ASCAT data for the years 

2010 and 2011 in comparison to in situ 
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observations from the FLUXNET 

network, aiming to appraise the accuracy 

of ASCAT data in a variety of ecosystem 

types across different continents. The 

direct comparison of ASCAT 

operational product with in situ SSM 

observations indicated a moderate 

performance of the product at the studied 

sites. The results of the study emphasize 

how essential it is to validate the 

magnitude and spatial structure of the 

uncertainties of any new satellite-based 

remote sensing product before its use in 

operational applications.( Khidir Abdalla 

Kwal Deng et al 2019). 

Microwave remote sensing techniques 

have been used in agricultural 

applications like irrigation management, 

early warning of disasters as well as in 

crop yield forecasting. A significant 

progress has been observed in the 

vegetation classification and monitoring 

from hyperspectral visible/infrared 

remote sensing. The parameters that 

affects soil moisture retrievals are 

wavelength ,incidence angle, 

polarization, surface roughness, soil 

texture, topography, observation depth 

and vegetation characteristics. Since 

there are considerable limitations in the 

hyperspectral remote sensing techniques 

under cloud cover, it is combined with 

the microwave techniques for soil 

moisture retrieval that gives positive 

results. The goal of this research is vast 

and requires the validation and 

calibration of vegetation and soil 

moisture retrieval methodologies 

corresponding to present (AMSR-E, 

SMOS) and future (SMAP) soil moisture 

missions in addition to a better 

theoretical understanding of microwave 

radiative transfer particularly in dense 

vegetation.( Tarendra Lakhankar et al 

2009). 

Passive microwave has more possibility for 

large-scale soil moisture monitoring, but it 

has a low spatial resolution. Active 

microwave has very high spatial resolution, 

though it has a very low revisit frequency 

and is more sensitive to vegetation and soil 

roughness. SAR has a great significance in 

retrieval of soil moisture maps at regional 

scales. ( Kousik Das et al 2015) 

Models for Soil moisture Estimation: 

Empirical models are established for 

predicting surface soil moisture (SSM, 0–

0.05 m) in 2018 based on historical (2016–

2017) Sentinel-1 and ancillary data at the 
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U.S. Climate Reference Network soil 

moisture. Multiple linear regressions 

(MLR), Cubist, and Random Forest models 

are compared to fit the models using 30-m 

Sentinel-1 data, a 10-m digital elevation 

model, 30-m Polaris soil property maps, and 

30-m land cover maps of the USA. The 

success of SSM retrieval was mostly 

attributed to soil properties, followed by 

Sentinel-1 backscatter data, terrain 

parameters, and land cover. The approach 

shows the potential for retrieving SSM using 

Sentinel-1 data in a combination of high-

resolution ancillary data across the 

conterminous United States (CONUS).( 

Sumanta Chatterjee et al 2020). 

In this paper the experiments described have 

demonstrated that it is possible to observe 

brightness temperature variations produced 

by changes in soil moisture with airborne 

micro- wave radiometers flying over 

unvegetated terrain. The response is a 

function of the wavelength of the radiometer 

and the distribution of the moisture in the 

soil. In spite of the thinness of the layer to 

which the 1.55-cm radiometer is sensitive, 

this radiometer is nevertheless useful for 

monitoring the moisture content in a field 

from the standpoint 'of both agriculture and 

meteorology. (T.Schmug et al 1974) 

In this paper, results on estimation of soil 

moisture from an ERS-2 SAR image in the 

catchment of the Solani River (a tributary to 

the River Ganga) in and around the town of 

Roorkee, India, have been presented. The 

radar backscatter coefficient for each pixel 

of the image has been modeled from the 

digital numbers of the SAR image. 

Gravimetric measurements have been made 

simultaneously during the satellite pass to 

determine the concurrent value of 

volumetric soil moisture at a large number 

of sample points within the satellite sweep 

area. The backscatter coefficient is found to 

vary from –30 dB to –42 dB for a variation 

in soil moisture from 30 to 75%. Regression 

analyses between volumetric soil moisture 

and both the digital numbers and backscatter 

coefficients were performed. Strong 

correlations between volumetric soil 

moisture and digital number were observed 

with R2 values of 0.84, 0.75 and 0.83 for 

bare soil, vegetative and combined surfaces, 

respectively. A similar trend was observed 

with the relationship between backscatter 

and volumetric soil moisture with R2 values 

of 0.60, 0.89 and 0.67 for bare soil, 

vegetative and combined surfaces, 

respectively.( S. S. Haider et al 2004) 
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Brian W. Barrett (2009) analyzed in this 

paper that there are certain obstacles in the 

SAR technique of soil moisture retrieval. 

Despite these obstacles, the current 

generation of space borne SAR sensors, 

(e.g., ALOS PALSAR, TerraSAR-X and 

Radarsat-2) operating in fully polarimetric 

mode in three respective frequencies (L-, X-, 

and C-bands) along with future planned 

sensors (see table 1) offer a potential to gain 

a more in-depth knowledge of soil surface 

dynamics and ultimately improve soil 

moisture estimates in the future. The use of 

InSAR and also differential techniques has 

produced positive results in soil moisture 

determination using a range of 

interferometric products, from simply using 

the coherence to identify areas of unchanged 

geometry, i.e., constant surface roughness, 

whereby the changes in backscattering for 

those places can be related solely to soil 

moisture variations; to using the temporal 

decorrelation and also the signal-to-noise 

decorrelation of the phase shifts to 

determine soil moisture content. 

Khidir Abdalla Kwal Deng et al (2019) in 

this paper provide the results of an extensive 

investigation of the Advanced Scaterometter 

(ASCAT) surface soil moisture global 

operational product accuracy across three 

continents (United States of America (USA), 

Europe, and Australia). ASCAT predictions 

of surface soil moisture were compared 

against near concurrent in situ measurements 

from the FLUXNET observational network. 

A total of nine experimental sites were used 

to assess the accuracy of ASCAT Surface 

Soil Moisture (ASCAT SSM) predictions 

for two complete years of observations 

(2010, 2011). Results indicate a reasonable 

validity between the ASCAT product and 

the in situ soil moisture measurements in the 

0–5 cm soil moisture layer. 

N. Baghdadi et al (2012) in this study 

develop an inversion technique based on 

neural networks to estimate soil surface 

parameters (moisture content and roughness) 

over bare agricultural areas from fully 

polarimetric RADARSAT-2 C-band SAR 

data. The training of the Neural Network is 

performed by using simulated radar 

backscattering coefficients through the IEM. 

First, soil parameters retrieval from 

polarimetric data is accomplished by using 

NN applied to a simulated dataset from the 

IEM model. In order to make the IEM 

simulation realistic, SAR measurement 

errors are added to the simulated 

backscattering coefficients. Next, the 

approach is validated using RADARSAT-2 
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data. The viability of the inversion technique 

is used in introducing a priori information on 

the surface roughness and the soil moisture. 

This work enables evaluating the potential 

of polarimetric SAR sensors at C-band for 

retrieving surface soil parameters. Section 2 

gives a review of datasets, and presents the 

NN and the inversion methodology. The 

purpose of this study is to estimate soil 

surface parameters from C-band 

polarimetric SAR data in the case of bare 

agricultural soils. 

M. Aubert et al (2011) analyzed in this paper 

the potential of high-spatial-resolution data 

from the TerraSAR-X sensor to monitor the 

soil-surface characteristics of bare 

agricultural soils (roughness, moisture, 

composition and structure) at plot and 

within-plot scales. The backscattering 

coefficients obtained from multi-temporal 

SAR acquisitions at HH polarization and 

two incidence angles (25° and 50°) were 

compared to ground observations and 

measurements. Our results are promising for 

retrieving soil moisture information from 

TerraSAR-X data and for monitoring the 

dynamics of slaking crust hydric states 

within plots. 

Nicolas Baghdadi et al (2011) in this paper 

presents different models for backscattering 

in different bare fields. The semi-empirical 

models of Oh and Dubois as well as the IEM 

physical backscattering model were 

evaluated by using TerraSAR-X data and 

ground measurements on bare soils in 

agricultural environments. The objective of 

this article is to evaluate the errors of these 

models and to propose a semi empirical 

calibration of the IEM model in X-band. 

Oh’s model correctly simulates the radar 

signal for HH and VV polarizations 

(bias<1dB and RMSE<3dB). The Dubois 

model stimulations show a very poor 

correlation between TerraSAR data and 

model simulations (RMSE between 2.2 and 

4.4 dB, bias can reach 3.4 dB according to 

incidence and polarization). 

Peter J. van Oevelen (1999) in this paper, 

presented a general framework to estimate 

soil moisture from microwave backscatter 

measurements. This framework consists of 

five different steps, each describing a 

different relationship. The first three steps 

are necessary to obtain a soil moisture 

estimate from microwave backscatter 

measurements. These steps describe the 

relationship between surface parameters and 

backscatter coefficient, the influence of 
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vegetation on this relationship, and the 

relationship between dielectric properties 

and retrieval of effective water content. The 

last two steps are necessary for a correct 

interpretation and application of the soil 

moisture estimates. These steps describe the 

soil moisture profile and sensing depth and 

the role of soil moisture in hydrological 

models. 

D.K.Gupta et al (2014) in this paper 

introduces a technique of ANN .The 

artificial neural network (ANN) approach 

has been found more potential in retrieving 

soil moisture from microwave sensors as 

compared to traditional techniques. For this 

purpose, a back propagation artificial neural 

network (BPANN) based on Levenberg 

Marquardt (TRAINLM) algorithm was 

developed. The measurement of scattering 

coefficient was carried out over a range of 

incidence angle from 20° to 70° at 5° steps 

for both the HH- and VV- polarizations. The 

BPANN was trained and tested with the 

experimentally obtained data by using 

bistatic X-band scatterometer for different 

values of soil moistures (12%, 16%, 21% 

and 25%) at 300 incidence angle. The 

scattering coefficient and soil moisture data 

were interpolated into 20 data sets and these 

data sets were divided into training data sets 

(70%) and testing data sets (30%). The 

performance of the trained BPANN was 

evaluated by comparing the observed soil 

moisture and estimated soil moisture by 

developed BPANN using a linear regression 

analysis (least square fitting) and 

performance factor Adj_R2. The values of 

Adj_R2 were found 0.93 and 0.94 for HH- 

and VV- polarization at 300 incidence angle 

respectively. The estimation of soil moisture 

by BPANN with Levenberg Marquardt 

training algorithm was found better at both 

HH- and VV- polarizations.  

Sat Kumar Tomer et al (2016) in this paper 

develops an algorithm for Merging Active 

and Passive microwave Soil Moisture 

(MAPSM). The algorithm merges the soil 

moisture retrieved from active (fine spatial 

scale and coarse temporal resolution) and 

passive (coarse spatial scale and fine 

temporal resolution) microwave satellites. 

The algorithm relies on temporally 

transforming the fine scale information 

based on the innovative concept of water 

change capacity. This concept expresses the 

magnitude at which the soil at fine scale is 

impacted by a soil moisture change at the 

coarser scale. A case study using MAPSM is 

presented in this paper  by using the 

RADARSAT-2 and SMOS retrieved soil 
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moisture data products over Berambadi 

watershed, Karnataka, India. The algorithm 

parameters show scalability from the spatial 

resolution of 20 m to 2000 m.. The 

algorithm developed can also be used to 

merge SMOS / SMAP and Sentinel-1data. 

Gayane Faye el al (2018) in this paper used 

a RTM (Roughness Transfer Model) for 

estimating the surface roughness of the Ferlo 

region, Snenegal. The above model was 

designed for leaf orientation distribution, 

branch orientation distribution and the 

branch size distribution for each size. In this 

study, the RTM has been standardized with 

ESCAT (European Radar Satellite 

Scatterometer) data, and has been used for 

soil moisture retrieval. The results obtained 

have allowed to track the spatial and 

temporal dynamics of soil as well as the 

influence of geology and morphopedology 

on the spatial dynamics of the soil moisture 

variability. These results are accepted 

despite the fact that the inversed RTM 

usually faces difficulties to interpret the 

signal for saturated soils, though giving 

deviating values of soil moisture more often 

than not. 

Luca Pasolli et al (2016) in this paper 

presents an experimental analysis in which 

two non-linear machine learning techniques, 

the well known and commonly adopted 

Multi Layer Perceptron neural network and 

the more recent Support Vector Regression, 

are applied to solve the problem of soil 

moisture retrieval from active and passive 

microwave data. 

CONCLUSION 

Soil moisture is the key variable in 

managing the exchange of heat energy and 

water between the atmosphere and land 

surface. SM plays an important role in 

recent and numerous environmental studies 

by influencing the exchange of water and 

energy at the interface between the land 

surface and atmosphere. For the study of soil 

moisture different remotely sensors are 

available such as RADARSAT-

1,RADARSAT-2, SMOS, SMAP, Landsat, 

Sentinel-1,ASMR-E (Source:-MDPI).  

Despite remote sensing offers a powerful 

tool for spatial and temporal monitoring of 

soil moisture information over a large 

agricultural area, it has some disadvantages. 

Generally, active microwave remote sensing 

of soil moisture using Synthetic Aperture 

Radar (SAR) data  is considered to be the 

best tool for soil moisture information at 

field level, but it also has severe problems 
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like presence of surface roughness, crop 

cover and variation in soil texture over a 

large agricultural area. So different 

approaches has to be taken for the study of 

these three target parameters that mainly 

affects the SAR sensitivity to soil moisture 

using different models. 

REFERENCES  

Bera, A., Taloor, A. K., Meraj, G., Kanga, 

S., Singh, S. K., Đurin, B., & Anand, S. 

(2021). Climate vulnerability and economic 

determinants: Linkages and risk reduction in 

Sagar Island, India; A geospatial approach. 

Quaternary Science Advances, 100038. 

Bhatt, C. M., et al. "Satellite-based 

assessment of the catastrophic Jhelum 

floods of September 2014, Jammu & 

Kashmir, India." Geomatics, Natural 

Hazards and Risk 8.2 (2017): 309-327. 

Bolten JD, Crow WT, Zhan X, Jackson TJ, 

Reynolds CA (2010) Evaluating the utility 

of remotely sensed soil moisture retrievals 

for operational agricultural drought 

monitoring. IEEE J Sel Topics Appl Earth 

Observ Remote Sens 3:57–66.   

Brocca L, Melone F, Moramarco T, Wagner 

W, Naeimi V, Bartalis Z, Hasenauer S 

(2010) Improving runoff prediction through 

the assimilation of the ASCAT soil moisture 

product. Hydrol Earth Syst Sci 14:1881–

1893.   

Brocca L, Morbidelli R, Melone F, 

Moramarco T (2007) Soil moisture spatial 

variability in experimental areas of Central 

Italy. J Hydrol 333:356–373.   

Chandel, R. S., Kanga, S., & Singh, S. K. 

(2021). Impact of COVID-19 on tourism 

sector: a case study of Rajasthan, India. 

Aims Geosciences, 7(2), 224-243. 

Dobson,M.C. and Ulaby,F.T.,1981, 

Microwave backscatter dependence on soil 

roughness, soil moisture and soil texture: 

Part III Soil tension. IEEE Transactions on 

Geoscience and Remote Sensing, 19, pp. 

51–61. 

 Doubois,P.C., Van Zyl, J.and Engman,E.T., 

1995, Measuring soil moisture with imaging 

radar. IEEE Transactions on Geoscience and 

Remote Sensing, 33, pp. 915–926.  

Draper CS, Walker JP, Steinle PJ, de Jeu 

RAM, Holmes TRH (2009) An evaluation 

of AMSR–E derived soil moisture over 

Australia. Remote Sens Environ 113:703–

710.   



SGVU J CLIM CHANGE WATER Kumari, S. SGVU J CLIM CHANGE WATER 

VOL. 8, 2021 pp 55-72                                                                                                                                    VOL 8, 55-72  

ISSN: 2347-7741 

66 | P a g e  

 

E. Santia,⁎, S. Palosciaa, S. Pettinatoa, L. 

Broccab, et al (2018)On the synergy of 

SMAP, AMSR2 AND SENTINEL-1 for 

retrieving soil moisture. Int J Appl Earth 

Obs Geoinformation 114-123. 

Entekhabi D, Reichle RH, Koster RD, Crow 

WT (2010) Performance metrics for soil 

moisture retrievals and application 

requirements. J Hydrometeorol 11:832–840.  

Eweys OA, Escorihuela MJ, Villar JM et al 

(2017) Disaggregation of SMOS soil 

moisture to 100 m Resolution using 

MODIS Optical/Thermal and Sentinel-1 

radar data: evaluation over a bare soil site 

in Morocco. 3rd REC Open Project 

Meeting. Accessed 14 Nov 2017 

Eweys OA, Escorihuela MJ, Villar JM et al 

(2017) Disaggregation of SMOS soil 

moisture to 100 m resolution using MODIS 

optical/thermal and sentinel-1 radar data: 

evaluation over a bare soil site in Morocco. 

Remote Sens 9:1155.    

 F. M. Henderson and J. L. Lewis, Principles 

and Applications of Imaging Radar—

Manual of Remote Sensing, vol. II. 

Hoboken, NJ: Wiley, 1998, pp. 407–425. 

F. T. Ulaby, G. A. Bradley, and M. C. 

Dobson, “Microwave backscatter 

dependence on surface roughness, soil 

moisture and soil texture, Part—II: 

Vegetation covered soil,” IEEE Trans. 

Geosci. Electron., vol. GE-17, no. 2, pp. 33–

40, Apr. 1979.  

 F. T. Ulaby, P. P. Batlivala, and M. C. 

Dobson, “Microwave backscatter 

dependence on surface roughness, soil 

moisture and soil texture, Part—I: Bare 

soil,” IEEE Trans. Geosci. Electron., vol. 

GE-16, no. 4, pp. 286–295, Oct. 1978.  

Farooq, Majid, and Mohammad Muslim. 

"Dynamics and forecasting of population 

growth and urban expansion in Srinagar 

City-A Geospatial Approach." The 

International Archives of Photogrammetry, 

Remote Sensing and Spatial Information 

Sciences 40.8 (2014): 709. 

Fascetti F, Pierdicca N, Pulvirenti L et al 

(2016) A comparison of ASCAT and 

SMOS soil moisture retrievals over Europe 

and Northern Africa from 2010 to 2013. 

Adv Valid Appl Remote Sensed Soil 

Moisture—Part 1 45, Part B:135–142.   

Gruhier C, Rosnay Pd, Hasenauer S, Holmes 

T, De Jeu R, Kerr Y, Mougin E, Njoku E, 

Timouk F and Wagner W (2010) Soil 

moisture active and passive microwave 

products: intercomparison and evaluation 



SGVU J CLIM CHANGE WATER Kumari, S. SGVU J CLIM CHANGE WATER 

VOL. 8, 2021 pp 55-72                                                                                                                                    VOL 8, 55-72  

ISSN: 2347-7741 

67 | P a g e  

 

over a Sahelian site. Hydrol Earth Syst Sci 

14:141–156.  

Gujree, Ishfaq, et al. "Evaluating the 

variability and trends in extreme climate 

events in the Kashmir Valley using 

PRECIS RCM simulations." Modeling 

Earth Systems and Environment 3.4 (2017): 

1647-1662. 

H. S. Srivastava, P. Patel, and R. R. 

Navalgund, “Incorporating soil texture in 

soil moisture estimation from extended low-

1 beam mode RADARSAT-1 SAR data,” 

Int. J. Remote Sens., vol. 27, no. 12, pp. 

2587– 2598, Jun. 2006. 

 H. S. Srivastava, P. Patel, M. L. 

Manchanda, and S. Adiga, “Use of multi-

incidence angle RADARSAT-1 SAR data to 

incorporate the effect of surface roughness 

in soil moisture estimation,” IEEE Trans. 

Geosci. Remote Sens., vol. 41, no. 7, pp. 

1638–1640, Jul. 2003.. 

Haider SS, Said S, Kothyari UC, Arora MK 

(2004) Soil moisture estimation using ERS 

2 SAR data: a case study in the Solani 

River catchment Hydrol Sci J 49:null-334. 

Haider SS, Said S, Kothyari UC, Arora MK 

(2004) Soil moisture estimation using ERS 

2 SAR data: a case study in the Solani 

River catchment. Hydrol Sci J 49:null-

334.    

HASSANIN, M., KANGA, S., FAROOQ, 

M., & SINGH, S. K. (2020). Mapping of 

Trees outside Forest (ToF) From Sentinel-2 

MSI Satellite Data using Object-Based 

Image Analysis. Gujarat Agricultural 

Universities Research Journal, 207. 

He L, Chen JM, Liu J et al (2017) 

Assessment of SMAP soil moisture for 

global simulation of gross primary 

production: SMAP soil moisture for 

improving GPP. J Geophys Res 

Biogeosciences 122:1549–1563. 

 J. R. Wang, “The dielectric properties of 

soil–water mixtures at microwave 

frequencies,” Radio Sci., vol. 15, no. 5, pp. 

977–985, 1980.  

Joy, J., Kanga, S., Singh, S. K., & 

Sudhanshu, S. (2021). Cadastral level Soil 

and Water conservation Priority Zonation 

using Geospatial technology. International 

Journal of Agriculture System, 9(1), 10-26. 

Joy, Jean, Shruti Kanga, and Suraj Kumar 

Singh. "Kerala flood 2018: flood mapping 

by participatory GIS approach, Meloor 

Panchayat." Int J Emerging Techn 10.1 

(2019): 197-205. 



SGVU J CLIM CHANGE WATER Kumari, S. SGVU J CLIM CHANGE WATER 

VOL. 8, 2021 pp 55-72                                                                                                                                    VOL 8, 55-72  

ISSN: 2347-7741 

68 | P a g e  

 

Kanga, S., Meraj, G., Farooq, M., 

Nathawat, M. S., & Singh, S. K. (2020b). 

Risk assessment to curb COVID-19 

contagion: A preliminary study using 

remote sensing and GIS. 

Kanga, S., Meraj, G., Farooq, M., Nathawat, 

M. S., & Singh, S. K. (2021). Analyzing the 

risk to COVID‐19 infection using remote 

sensing and GIS. Risk Analysis, 41(5), 801-

813. 

Kanga, S., Rather, M. A., Farooq, M., & 

Singh, S. K. (2021). GIS Based Forest Fire 

Vulnerability Assessment and its Validation 

using field and MODIS Data: A Case Study 

of Bhaderwah Forest Division, Jammu and 

Kashmir (India). Indian Forester, 147(2), 

120-136. 

Kanga, S., Sheikh, A. J., & Godara, U. 

(2020b). GIscience for Groundwater 

Prospect Zonation. Journal of Critical 

Reviews, 7(18), 697-709. 

Kanga, S., Singh S. K., Sudhanshu., 2017a. 

“Delineation of Urban Built-Up and 

Change Detection Analysis using Multi-

Temporal Satellite Images." International 

Journal of Recent Research Aspects 4.3: 1-

9. 

Kanga, S., Sudhanshu, Meraj, G., Farooq, 

M., Nathawat, M. S., & Singh, S. K. 

(2020a). Reporting the management of 

COVID-19 threat in India using remote 

sensing and GIS based approach. Geocarto 

International, 1-8. 

Kanga, Shruti, et al. "Modeling the Spatial 

Pattern of Sediment Flow in Lower Hugli 

Estuary, West Bengal, India by Quantifying 

Suspended Sediment Concentration (SSC) 

and Depth Conditions using 

Geoinformatics." Applied Computing and 

Geosciences (2020a): 100043. 

Kanga, Shruti, Sumit Kumar, and Suraj 

Kumar Singh. "Climate induced variation 

in forest fire using Remote Sensing and 

GIS in Bilaspur District of Himachal 

Pradesh." International Journal of 

Engineering and Computer Science 6.6 

(2017b): 21695-21702. 

Klute A, Gardner WH (1986) Water 

content. Methods of soil analysis: part 1—

physical and mineralogical methods. 

Koster RD, Guo Z, Yang R, Dirmeyer PA, 

Mitchell K, Puma MJ (2009) On the nature 

of soil moisture in land surface models. J 

Clim 22:4322–4335.  



SGVU J CLIM CHANGE WATER Kumari, S. SGVU J CLIM CHANGE WATER 

VOL. 8, 2021 pp 55-72                                                                                                                                    VOL 8, 55-72  

ISSN: 2347-7741 

69 | P a g e  

 

Kumar, Sanjay, et al. "Delineation of 

Shoreline Change along Chilika Lagoon 

(Odisha), East Coast of India using 

Geospatial technique." 2018 

M. C. Dobson and F. T. Ulaby, “Microwave 

backscatter dependence on surface 

roughness, soil moisture, and soil texture: 

Part III—Soil tension,” IEEE Trans. Geosci. 

Remote Sens., vol. GRS-19, no. 1, pp. 51–

61, Jan. 1981. 

Meraj, G., Farooq, M., Singh, S. K., 

Romshoo, S. A., Nathawat, M. S., & 

Kanga, S. (2020a). Coronavirus pandemic 

versus temperature in the context of Indian 

subcontinent: a preliminary statistical 

analysis. Environment, Development and 

Sustainability, 1-11. 

Meraj, G., Farooq, M., Singh, S. K., 

Romshoo, S. A., Nathawat, M. S., & 

Kanga, S. (2020b). Statistical analysis for 

understanding the relationship between 

Coronavirus pandemic and temperature in 

the context of Indian subcontinent. 

Climatological, Meteorological, and 

Environmental factors in the COVID-19 

pandemic. 

Meraj, G., Singh, S. K., Kanga, S., & Islam, 

M. N. (2021). Modeling on comparison of 

ecosystem services concepts, tools, 

methods and their ecological-economic 

implications: a review. Modeling Earth 

Systems and Environment, 1-20. 

Meraj, G.; Kumar, S. Economics of the 

Natural Capital and The Way Forward. 

Preprints 2021, 2021010083 (doi: 

10.20944/preprints202101.0083.v1).  

Merlin O, Rudiger C, Bitar AA et al (2012) 

Disaggregation of SMOS soil moisture in 

Southeastern Australia. IEEE Trans Geosci 

Remote Sens 50:1556–1571.    

N. Baghdadi, N. Holah, and M. Zribi, “Soil 

moisture estimation using multi-incidence 

and multi-polarization ASAR data,” Int. J. 

Remote Sens., vol. 27, no. 10, pp. 1907–

1920, May 2006.  

N. E. C. Verhoest, B. De Baets, and H. 

Vernieuwe, “A Takagi–Sugeno fuzzy rule-

based model for soil moisture retrieval from 

SAR under soil roughness uncertainty,” 

IEEE Trans. Geosci. Remote Sens., vol. 45, 

no. 5, pp. 1351–1360, May 2007.  

Nathawat, M. S., et al. "Monitoring & 

analysis of wastelands and its dynamics 

using multiresolution and temporal satellite 

data in part of Indian state of Bihar." 



SGVU J CLIM CHANGE WATER Kumari, S. SGVU J CLIM CHANGE WATER 

VOL. 8, 2021 pp 55-72                                                                                                                                    VOL 8, 55-72  

ISSN: 2347-7741 

70 | P a g e  

 

International Journal of Geomatics and 

Geosciences 1.3 (2010): 297-307. 

 P. C. Dubois, J. Van Zyl, and E. T. 

Engman, “Measuring soil moisture with 

imaging radar,” IEEE Trans. Geosci. 

Remote Sens., vol. 33, no. 4, pp. 915–926, 

Jul. 1995 

 P. Patel, S. Panigrahy, and M. Chakraborty, 

“Performance of RADARSAT-1 extended 

low beam mode SAR data for soil moisture 

retrieval,” Asian J. Geoinf., vol. 2, no. 3, pp. 

85–91, 2002. 

Pablos M, Martínez-Fernández J, Piles M et 

al (2016) Multi-temporal evaluation of soil 

moisture and land surface temperature 

dynamics using in situ and satellite 

observations. Remote Sens 8:587.   

Pall, Ishfaq Ahmad, Gowhar Meraj, and 

Shakil Ahmad Romshoo. "Applying 

integrated remote sensing and field-based 

approach to map glacial landform features 

of the Machoi Glacier valley, NW 

Himalaya." SN Applied Sciences 1.5 

(2019): 488.  

Pandey, A. C., Singh, S. K., & Nathawat, 

M. S. (2010). Waterlogging and flood 

hazards vulnerability and risk assessment in 

Indo Gangetic plain. Natural hazards, 

55(2), 273-289. 

Pandey, A. C., Singh, S. K., Nathawat, M. 

S., & Saha, D. (2013). Assessment of 

surface and subsurface waterlogging, water 

level fluctuations, and lithological 

variations for evaluating groundwater 

resources in Ganga Plains. International 

Journal of Digital Earth, 6(3), 276-296. 

Piles M, Petropoulos GP, Sánchez N et al 

(2016) Towards improved spatio-temporal 

resolution soil moisture retrievals from the 

synergy of SMOS and MSG SEVIRI 

spaceborne observations. Spec Issue ESAs 

Soil Moisture Ocean Salin Mission—

Achiev Appl 180:403–417.    

Ranga, V., Pani, P., Kanga, S., Meraj, G., 

Farooq, M., Nathawat, M. S., & Singh, S. 

K. (2020b). National Health-GIS Portal-A 

conceptual framework for effective 

epidemic management and control in India. 

Ranga, V., Pani, P., Kanga, S., Meraj, G., 

Singh, S. K., Farooq, M., & Nathawat, M. 

S. (2020a). Health GIS-A Long lasting 

Solution for the Effective Pandemic 

Management in India. Climatological, 

Meteorological, and Environmental factors 

in the COVID-19 pandemic. 



SGVU J CLIM CHANGE WATER Kumari, S. SGVU J CLIM CHANGE WATER 

VOL. 8, 2021 pp 55-72                                                                                                                                    VOL 8, 55-72  

ISSN: 2347-7741 

71 | P a g e  

 

Rather, M. A., et al. "Remote sensing and 

GIS based forest fire vulnerability 

assessment in Dachigam National park, 

North Western Himalaya." Asian Journal of 

Applied Sciences 11.2 (2018): 98-114. 

Romshoo, Shakil Ahmad, et al. "Satellite-

observed glacier recession in the Kashmir 

Himalaya, India, from 1980 to 2018." 

Environmental Monitoring and Assessment 

192.9 (2020): 1-17. 

Sharma, A., & Kanga, S. (2020). Surface 

Runoff Estimation Of Sind River Basin 

Using SCS-CN Method And GIS 

Technology. 

Singh, S. K., & Pandey, A. C. (2014). 

Geomorphology and the controls of 

geohydrology on waterlogging in Gangetic 

Plains, North Bihar, India. Environmental 

earth sciences, 71(4), 1561-1579. 

Singh, S. K., S. K. Mishra, and S. Kanga. 

"Delineation of groundwater potential zone 

using geospatial techniques for Shimla city, 

Himachal Pradesh (India)." International 

Journal for Scientific Research and 

Development 5.4 (2017b): 225-234 

Sumanta Chatterjee , Jingyi Huang * and 

Alfred E. Hartemink et al 

(2020)Establishing an Empirical Model for 

Surface Soil Moisture Retrieval at the U.S. 

Climate Reference Network Using 

Sentinel-1 Backscatter and Ancillary Data. 

Journ Remote Sensing. MDPI 

Tomar, J. S., Kranjčić, N., Đurin, B., Kanga, 

S., & Singh, S. K. (2021). Forest Fire 

Hazards Vulnerability and Risk Assessment 

in Sirmaur District Forest of Himachal 

Pradesh (India): A Geospatial Approach. 

ISPRS International Journal of Geo-

Information, 10(7), 447. 

Tomer SK, Al Bitar A, Sekhar M et al 

(2016) MAPSM: a spatio-temporal 

algorithm for merging soil moisture from 

active and passive microwave remote 

sensing. Remote Sens 8:990.    

WANG, J.R., 1980, The dielectric properties 

of soil–water mixtures at microwave 

frequencies. Radio Science, 15, pp. 977–985 

Y. Oh, K. Sarabandi, and F. T. Ulaby, “An 

empirical model and an inversion technique 

for radar scattering from bare soil surfaces,” 

IEEE Trans. Geosci. Remote Sens., vol. 30, 

no. 2, pp. 370–381, Mar. 1992. 

 

 



SGVU J CLIM CHANGE WATER Kumari, S. SGVU J CLIM CHANGE WATER 

VOL. 8, 2021 pp 55-72                                                                                                                                    VOL 8, 55-72  

ISSN: 2347-7741 

72 | P a g e  

 

 


